
A) SIGNIFICANCE / RATIONALE 

A.1 Introduction.  Among mandated reporters, early childhood professionals (ECPs, aka early childhood 
educators, daycare providers, pre-school teachers, child care providers, etc.) are particularly well suited to 
protect the most vulnerable children from child abuse (used herein to denote physical, sexual, and emotional 
abuse, as well as neglect). Because ECPs are often the only people outside immediate family to spend extended 
periods of time with young children, they are strategically positioned to help prevent patterns of abuse from 
taking hold. Despite this (and >313,000 confirmed victims being <5 years-old),1 fewer than 1% of substantiated 
cases of child abuse are identified and reported by ECPs.2 Further, because ECPs are not adequately prepared to 
identify at-risk children and often fail to make high quality reports,3-5 their reports of suspected abuse are less 
likely to be substantiated than most mandated reporters.4, 6 Unfortunately, early childhood education is beset 
with many barriers to developing effective, scalable interventions to help ECPs better identify and respond to 
children at risk for abuse. The iLookOut for Child Abuse (iLookOut) parent study was funded in part to create 
such an intervention, and one that can be readily adapted for any U.S. state. That said, an intervention is only as 
good as its lasting effect. This renewal proposal is to develop and systematically evaluate an interactive, gamified 
micro-learning intervention to promote retention and implementation of learning. This effort would be the first 
of its kind for either child protection or early childhood education. 

Built into the study design of the parent iLookOut grant was an exploratory effort to deliver basic, ad hoc follow-
up messaging to maintain awareness and promote knowledge retention after completing iLookOut’s Core 
training. That said, it was beyond the scope of the parent study to either build a fully integrated follow-up 
intervention, or to study its impact. However, now that there is strong evidence regarding the efficacy of 
iLookOut’s Core training, our team is positioned to examine the longitudinal impact of micro-learning on both 
knowledge and behavior. Moreover, though some of the core precepts of micro-learning (notably spaced 
repetition and retrieval) are known to enhance cognitive mapping and thereby retention (including with low 
education populations7), relatively little is known about how to optimize this process, or to do so in a way that is 
either sustainable or leads to behavior change8-10 –particularly among ECPs, with whom such interventions are 
virtually unknown. Just as rigorous research is needed to determine the optimal timing to administer booster 
doses of vaccines to bolster children’s immunity against infectious diseases, it is essential to understand patterns 
of knowledge decay and optimal timing for micro-learning to boost ECPs’ waning 
knowledge/preparedness for protecting children from abuse. 

Because the iLookOut team constantly pushes to be better, we created opportunities 
through small grants and collaborative partnerships to develop a mobile-technology-based 
active learning intervention to help ECPs retain and put into action what they learned from 
iLookOut about protecting children from abuse.11 Delivered to smart-phones and other 
mobile devices, these interactive educational games, applied learning exercises, videos, 
and other messaging –collectively called Micro-Learning– are fully integrated with the 
content and objectives of iLookOut’s Core training, and offer a promising approach for 
sustaining and enhancing learning, and examining impact on behavior.12 Moreover, 
iLookOut’s Micro-Learning is scalable as it can be readily adapted to any state, offers free 
professional development credit, and only requires that learners have a smart-phone or 
computer, and spend 5-10 minutes a few times per week. But this Micro-Learning’s efficacy 
with ECPs has yet to be established, hence the need for this study. 

This opportunity arises in part because the iLookOut Core training currently used in the 
parent study (in Maine) is soon to be deployed in Pennsylvania. Building on the parent 
study strengths, this proposed study also will use a stepped-wedge design (see C.1) 
whereby ECPs are randomly assigned to receive Micro-Learning immediately following the 
iLookOut Core training, vs after a delay of 3, 6, or 9 months. This design will allow us to 
systematically measure decays in knowledge and changes in behavior over time, as well as 
to evaluate latent effects of Core training on knowledge and behavior (see Fig. 1). Because 
implementation strategy is crucial for sustained success, we will evaluate whether ECPs consider Micro-Learning 
to be feasible, as well as measure their satisfaction with the multi-faceted approach involving iLookOut’s Core 
and Micro-Learning interventions. This renewal leverages the existing infrastructure and materials of the parent 
study to move towards establishing an innovative, evidence-based, integrated Micro-Learning program that has 
strong scientific grounding (see B.4), that learners find engaging, and that is readily scalable. 

A.2 Progress Update.  The aims of the parent study are to evaluate whether the iLookOut Core training: 1) 
gives rise to reports from ECPs that are more likely to be “high yield” (ie, result in findings of child abuse and/or 
social services being recommended for the child/family); and 2) results in a lower proportion of state costs being 



expended for “low yield” reports (ie, reports that did not identify child abuse or result in recommended social 
services). In the 4 years since receiving the grant (9/27/16–9/26/20), we have been highly productive. 
Accomplishments include having: 1) fully revised the interactive storyline of the iLookOut Core training 
(including filming, editing, post-production, interactive learning modules, and handouts);11 2) formally validated 
instruments; 3) deployed a randomized recruitment strategy; 4) partnered with Maine state government to have 
key study data collected by all “Intake staff” and entered into (specially programmed) Child Welfare Information 
System data fields; 5) secured 3 hours of professional development credit for ECPs in Maine who complete 
iLookOut; 6) updated iLookOut’s online platform for Core training; 7) secured small-grant funding to pilot 
micro-learning activities; 8) secured supplemental funding to build our own micro-learning platform; 9) 
designed/built/deployed a customized micro-learning platform that gathers research-quality data; 10) 
developed/deployed a smart-phone App for micro-learning; 11) partnered with the National Workforce Registry 
Alliance to develop a digital badging strategy for micro-learning (see C.4); 12) created a Cognitive Sequencing 
Map (see B.3) to catalogue and relate learning objectives with all elements of the iLookOut Core training and 
follow-up micro-learning; 13) registered with ClinicalTrials.gov; 14) enrolled 1,500 ECPs into the study; 15) 
written 9 manuscripts –4 published, 3 under review, and 2 in progress; and 16) given platform presentations 
about the parent study at 4 national conferences (Pediatric Academic Societies, National Association for the 
Education of Young Children, National Workforce Registry Alliance, Work Learning Academy). Additionally, the 
success of the parent study has prompted the state of Maine to decide that (starting next year, after the parent 
study concludes) iLookOut’s Core training will be the official state training for all mandated reporters. 

A.2.1 Preliminary Data.  An initial randomized controlled trial (RCT) in Pennsylvania (n=741)17 established 
that iLookOut’s Core training significantly increased knowledge and improved attitudes about child abuse and 
its reporting. A subsequent real-world trial (n=11,065)13 yielded very similar results, and showed that ECPs were 
highly satisfied with the Core training (mean=8.81, SD=1.56, where 10=highest). In the ongoing parent RCT in 
Maine (n=1,500), the revised iLookOut Core training significantly (p<.001) outperformed Standard training on 
mandated reporting both at improving KNOWLEDGE (effect size=1.09 vs 0.67) and changing ATTITUDES 
(effect size=0.66 vs 0.54); and ECPs rated iLookOut significantly higher (p<.001) on all 6 evaluation items –
with a mean overall SATISFACTION score of 8.75 (SD=1.56, where 10=highest). Preliminary data from the parent 
study also suggest that, compared to reports from ECPs who completed Standard training on mandated 
reporting, i) reports from ECPs who completed iLookOut’s Core training are more likely to be “screened-in” for 
investigation by child protection services (86% vs 70%, p<.001), and ii) these screened-in reports are more likely 
(56% vs 34%, p=.001) to be “high yield” (ie, child abuse is identified and/or social services are recommended). 

Due to problems with a former vendor –including limitations regarding the granularity of data its learning 
platform could collect– we have no reliable data on MICRO-LEARNING prior to May 2019. However, since 
launching our own Micro-Learning platform mid-2019, the majority of ECPs in Maine who complete iLookOut’s 
Core training have gone on to engage in Micro-Learning. Because ECPs in Maine had the option to complete 
Micro-Learning in 2, 4, or 6-months, attrition rates are not yet known. But 40% (137/345) have completed the 
full 3 hours of micro-learning, and another 16% (56/345) have already completed at least 1 hour. Because its role 
in the parent study is merely exploratory, there are no data correlating Micro-Learning with behavior. 

Data on KNOWLEDGE DECAY are limited. In the Pennsylvania RCT of iLookOut’s beta-version, knowledge 
gains decayed by ~50% 4 months post-intervention –but did remain significantly higher than baseline.14  No re-
test data are available for the real-world trial (due to its open enrollment format). In the ongoing RCT in Maine, 
repeat knowledge testing only occurred with ECPs (n=133) who completed the iLookOut’s Core training but then 
had to wait >4 months (due to a hiatus as we built our own micro-learning platform) before starting Micro-
Learning. For these 133 ECPs, re-testing showed a mean 
decay in their initial knowledge gain of 52%.  

A.3 Accounting for Forgetting.  The forgetting curve 
(first quantified in 1885 by Ebbinghaus, and reconfirmed in 
recent studies15) shows how new information is lost over time 
unless efforts are made to retain it (Fig. 2). Recently learned 
information is mostly lost within a few days to weeks,16 and 
spaced retrieval is known to be vital for sustained advances in 
learning.17 Thus finding ways to reinforce learning is crucial, 
especially for topics people may not be naturally drawn to 
revisit.18 iLookOut’s Core training, itself, does this by 
combining an engaging video-based storyline with interactive 
learning exercises. ECPs learn about events that occur over 2 

FIG. 2.  REPLICATION OF EBBINGHAUS’ FORGETTING CURVE



days in the work-life of an ECP named Megan as she recounts them to Elisha, a mentor whose guidance she is 
seeking. At different junctures, the learner is provided resources (eg, Facts about Abuse, Red Flags handout), 
posed didactic questions, and given opportunities to both apply new information and practice decision-making. 
Such immersion into real-life scenarios helps ECPs absorb and operationalize information, as well as begin 
developing skills to identify, support, and protect at-risk children. But that is not enough. For learning not to 
fade, it must be reinforced, …and reinforced again.  

A.4 The Road to Micro-Learning.  From its inception, the parent study planned to pilot ad hoc follow-up 
messages (eg, tips, best-practice guidelines, intermittent cases for reflection) to reinforce learning after iLookOut 
completion. Through a series of small grants and partnerships, the study team began to enhance the follow-up 
messaging with educational games, applied learning exercises, and other interactive activities. Collaborators 
included Maine Roads to Quality (which provides professional development to ECPs in Maine); Erin Knight, 
founder of the >1,000 organization Badge Alliance ecosystem;19, 20 and the National Workforce Registry Alliance, 
which represents organizations that provide continuing education to ECPs, and hopes to create nationwide 
“badging” to track ECPs’ professional development credit.21 As attested in their letters of support, these entities 
see great value in developing micro-learning, particularly in light of our existing study team expertise in 
gamification (Kapp), decision-making (Hamm), early childhood education (Fiene), educational psychology 
(Panlilio), child abuse and child mental health (Humphreys), and online learning for ECPs (Mincemoyer). 

To this end, we developed an iLookOut App (iPhone & Android), and began creating follow-up activities with 
a leading firm in the field of micro-learning. However, their platform soon proved inadequate –lacking the 
granularity and analytics needed to answer research questions, the responsive design functionality needed for 
dynamic interactions on smart-phones, as well as the flexibility to easily tailor learning activities for iLookOut’s 
subject matter. Through supplemental funding (3R01-HD088448-04S1) we developed our own micro-learning 
platform with the Center for Applied Information Technologies (CAIT, which had programmed, and continues 
to host iLookOut’s Core training) along with 3-hours of basic Micro-Learning activities, but not enhanced 
gamification, tailoring of activities, nor an interactive dashboard (for professional development tracking and 
digital badging). As such, we are now poised to fully develop a tailored, gamified Micro-Learning course, and to 
systematically evaluate its impact on learning and behavior. 

The present grant proposal capitalizes on the potential of mobile apps and smart-phone technology to promote 
knowledge retention through spaced learning engagement, higher-order thinking, and gamified learning that 
provides practice opportunities to develop and master skills, and to impact ECPs’ behavior. Building on Erin 
Knight’s micro-credentials work (ie, digital badges to motivate, assess, and promote communication), this 
proposal includes creating a badging system to recognize individuals’ achievements, guide them toward mastery, 
and enable ECPs to build a portfolio of their skills, which then can be shared with others. This notion of a digital 
“skills passport” is gaining acceptance10, 22 as a way for professional credentialing to be readily transportable, and 
is strongly in sync with the goals of the National Workforce Registry Alliance (see LOS). 

A.5 Summary.  In contrast with the parent study (which examines the impact of iLookOut’s Core training) this 
study will evaluate whether gamified Micro-Learning 1) promotes knowledge retention and 2) changes behavior 
with regard to protecting children from abuse, and 3) is feasible as part of a multi-faceted implementation 
strategy. Though advanced technology is used in multiple settings to promote learning,23, 24  it has not been used 
to help protect at-risk children from abuse. This project aims to create an innovative, engaging, and highly 
generalizable strategy for helping mandated reporters become more knowledgeable and more inclined to take 
action when they suspect a child is in harm’s way. 

B) INNOVATION:  

B.1 Description of Micro-learning.  For this project, Micro-Learning involves a series of 5-10 minute 
interactive, applied learning exercises that involve gamified activities delivered to smart-phones (or computers) 
to reinforce and augment learning, measure knowledge retention, and build skills for promoting children’s well-
being. What makes an intervention or practice innovative is its being perceived as new by the group adopting 
it.25  As the many letters of support for this grant application attest (see LOS from Annie E Casey Fdn, PennAEYC, 
PA Key, BKC, CYS, OCDEL, Perkins, & NWRA), iLookOut’s Micro-Learning is highly innovative for both the ECP 
workforce and the subject of child abuse. 

Following completion of the iLookOut Core training program, ECPs will receive 2 Micro-Learning activities per 
week over a 3-month period (content=3 hours total). These will include matching activities, drop-and-drag 
games, skill-building exercises, jeopardy-type games, as well as links to written materials, podcasts, videos, 
webinars, etc. Micro-Learning will also include scenario-based activities depicting varying levels of risk across a 
variety of circumstances and potential kinds of abuse (modeled after Stokes & Schmidt).26 ECPs will be asked to 



identify risk factors for abuse, gauge the likelihood of abuse, and indicate which actions, if any (including 
reporting suspected abuse), they would take. Expert feedback for each scenario will include evidence-based 
information about the risk factors represented, the estimated likelihood of abuse, and what the response from 
“Intake staff” would likely be if this scenario was reported to child protective services. 

 Micro-Learning will be grouped based on topics (eg, Risk factors for child abuse) that correspond to a 
particular iLookOut learning objective (eg, Recognize possible child abuse). Assessments are built into each of 
these activities, allowing ECPs to earn professional development credit (see LOS from PA Key, NWRA, & MRTQ). 
Micro-Learning must be completed sequentially –beginning with “basic” concepts that reinforce iLookOut’s Core 
training, then progressing to more applied interactive exercises that provide advanced information– and prompt 
ECPs to operationalize what they have learned. Notifications of a new Micro-Learning activity will appear in the 
iLookOut App (or inbox, if an ECP chooses to complete them on a computer). Learners can access activities when 
desired (completing them right away or in batches), but should receive the full 3 hours of content over a 3-month 
period –though we will monitor usage to track how long ECPs take to complete the course (see C.1 & C.6.3). 

The basic educational content for Micro-Learning has already been developed for the 
parent study (in Maine) and captured in a cognitive sequencing map (see B.3) that 
identifies each activity’s modality, purpose, sequence, duration, and relation to the Core 
training’s learning objectives. For this study, we will revise all content to comport with 
Pennsylvania law, and also enhance the Micro-Learning functionality to make it more 
engaging for learners, and better able to capture granular question-level data. 
Enhancement is important because to have long-term feasibility micro-learning 
activities must be sufficiently engaging/appropriately fun that they motivate continued 
participation. As such we will integrate more game elements/mechanics, including 
achievement badges (eg, Fig. 3), which have been shown in multiple settings to help sustain engagement.10, 27  

Upon completion of this Micro-Learning course, ECPs will receive 3 hours of (no cost) professional 
development credit. Approval for this credit has already been awarded in Maine for the parent study; and once 
Micro-Learning is tailored for Pennsylvania, we anticipate similar approval in Pennsylvania (see PA Key LOS). 
Because professional development is required for licensure in Pennsylvania, and typically costs money, 3 hours 
of professional development credit at no cost for just 2 gamified Micro-Learning activities per week will serve as 
a strong incentive for ECPs to continue with Micro-Learning (see PennAEYC LOS). Accordingly, for ECPs who 
begin micro-learning we anticipate being able to keep >75% engaged for the entire 3-hour course. 

B.2 Multi-faceted Implementation Strategy.  To integrate evidence-based interventions into standard 
practice, systematic implementation strategies are needed.28  Such strategies may be discrete (ie, iLookOut’s Core 
training) or multi-faceted (eg, Core+Micro-Learning). Traditional teaching methods for mandated reporting are 
discrete, employing a single training event (in-person or online) and/or procedural intervention to deliver 
information without explicit knowledge-to-practice translation.29 These efforts’ effectiveness has been mixed at 
best,30-33 particularly in terms of long-term efficacy.34 Moreover, standard educational approaches regarding 
child abuse detection and reporting often focus solely on individual learner outcomes35 (eg, knowledge gain, 
confidence, satisfaction) without regard for implementation outcomes (eg, feasibility) that are key for ensuring 
that evidence-based interventions can become standard practice. To our knowledge, iLookOut’s Core 
training+Micro-Learning would constitute the first multi-faceted implementation strategy regarding child abuse 
to be tested with ECPs. Thus, findings from this study could help establish a standard for how to sustain long-
term gains in knowledge about what child abuse involves and what to do to protect children from abuse. 

B.3 Programming Needs.  Supplemental funding obtained during Year 3 of the parent study allowed us to 
work with the Center for Applied Information Technologies (CAIT) to develop a micro-learning platform 
specifically designed for the iLookOut project. This platform is distinct, but fully integrated with the learning 
management system for iLookOut’s Core training (also hosted by CAIT). The current functionality for this 
platform includes a SCORM/API engine that tracks all course content and learning activities; question-level data 
for registration demographics, pre-/post-tests, and evaluation results –all of which can be de-identified and 
exported in detailed reports. It also hosts state-specific registration that (along with course content) can be 
modified to accommodate new states and/or groups; can send scheduled notifications to learners via both the 
iLookOut mobile App and standard email; can assign/adjust groupings and send individualized content to 
specific cohorts of learners; and stores question-level data for question items that allow such granularity. 

Despite these capacities, our current Micro-Learning activities are limited by the functionality of its eLearning 
design program, Rise 360. While Rise 360 allows for interactive branching exercises that include multimedia 
(audio, video, embedded links, etc), only very simple lesson types (flashcards, quizzes, etc) provide the kind of 
granular, question-level data needed for rigorous research. As such, funding is necessary to develop/program 
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highly engaging micro-learning exercises (eg, interactive imagery, drag-and-drop functionality, dashboards for 
professional development tracking and digital badging) that will also capture detailed question-level data. 

B.4 Cognitive Sequencing Map.  Micro-Learning’s impact is maximized to the extent that it is integrated 
with 
iLookOut’s 
Core training. 
To do this, we 
map the 
relationships 
between 
iLookOut’s 1) 
learning 
objectives; 2) 
existing 
content 
(within the 
storyline 
script, 
interactive 
learning 
exercises, and 
resource files 
that make up 
learning 
modules); 3) 
pre/post knowledge test; and 4) follow-up Micro-Learning (including content and modality). For example, the 
1st of 3 Core training major learning objectives (LO-1) is Under-stand and recognize possible abuse. Of the 
subsidiary learning objectives, the 4th (LO-1.4) is Know the signs and symptoms of abuse, one of which is 
bruising. The cognitive map (see Fig. 4 for simplified prototype) shows how this topic is addressed in the 
iLookOut script, learning modules, and post-test to ensure Micro-Learning is fully integrated with these 
elements. It also tracks the modalities for delivering information, because knowing how Micro-Learning and its 
modalities relate to other variables is a precondition for any effective analysis of their functionality. 36 

B.5 Scientific Rigor.  Research indicates that even excellent training interventions are seldom fully effective 
with a single exposure (ie, discrete implementation).37-40 Accordingly, we propose to examine the impact of 
follow-up Micro-Learning (which has been piloted in the parent study) on knowledge and behavior with regard 
to children at risk for abuse. Micro-Learning employs 2 of cognitive psychology’s most empirically validated 
concepts for increasing learning,41 spaced practice and retrieval practice. 

Spaced practice (aka, distributed practice) optimizes learning by providing consistent, interval-based exposure 
to content rather than as a single event.42 Leveraging the broad evidence-base on spaced practice,43-47 we believe 
Micro-Learning will boost ECPs’ knowledge retention regarding child abuse and its reporting. Further, by 
providing recall cues through engaging activities, we expect improvement in ECPs’ knowledge (content recall) 
and subsequent application of knowledge (ie, far transfer) to actually identify at-risk children and take 
appropriate action. Retrieval practice is likewise well-grounded in research that shows individuals retain 
information better when are challenged to retrieve it at multiple future time-points.41, 48-51 Combined, these 2 
practices have demonstrated positive impact on retrieval and recall, and also behavior –including those with 
health-related outcomes.52, 53 Accordingly, we anticipate that Micro-Learning’s retrieval practice will promote 
both ECP engagement and active reflection through its interactive, goal-directed, recurring learning activities.54  

That said, improved quality of behavior has not always been accompanied by higher quantity.55 Work by Burns 
and Gurung41 suggests we need to better understand how such strategies apply in real-world settings where long-
term results are desired. We believe that preparing ECPs to protect children from abuse is exactly this kind of 
real-world challenge, one where empirically tested strategies are desperately needed.5, 56, 57  Only 10 out of 50 
state trainings on mandated reporting even include pre/post evaluations of knowledge,58 and no training other 
than iLookOut has assessed their impact on either long-term knowledge or subsequent behavior. Spaced 
repetition and spaced retrieval use elaboration and rehearsal to promote such lasting impact by integrating and 
applying learning within the lived experiences of learners. To bring about long-term change in ECPs’ 
understanding of child abuse indicators, and motivation to protect children, optimal strategies are needed.59  

 

FIG. 4.  EXAMPLE OF COGNITIVE MAP –showing relationships between micro-learning and other iLookOut elements 

Learning Objectives (LO) and  

Learning Modules (LM) 

Core Training Content Knowledge 

Test (KT) 

Questions 

 Micro-Learning Reinforcement 

Timing Learning 

Module 
Script Content Modality Purpose 

LO-1: 

Understand 

and 

recognize 

possible 

abuse 

LO-1.4: 

Know 

signs & 

symptoms 

of abuse 

LM-8: 

Various 

signs of 

abuse 

--- 

Multiple 

choice 
questions 

on bruises 

Bruises 

are a huge 

red flag in 

any child 

who isn’t 

yet 

walking or 
cruising 

“You may 

learn 

something 

important 

by asking. 

But 

nothing her 

mom says 

will change 

the fact 
that a five 

month-old 

infant had 

a bruise” 

KT-3.13 

 

Any bruising 

on an infant 

who has not 

started 

pulling to 

stand 
 

(Y/N/Unsure) 

If you suspected abuse, what type of 
abuse depicted in this scenario? 

 

As a child care provider, you play a 

really important role in helping keep 

vulnerable children safe. How? Let’s 

look at some ways YOU can help 

prevent abusive head trauma 

 

As a mandated reporter, it is 

important to know the red flags for 

abuse. When you aren't sure whether 
a given behavior, injury, or situation 

should cause you to have reasonable 

suspicion of abuse, document your 

observations. Specific, accurate 

documentation goes a long way to 

help Child Welfare in their decision- 

making process. 

Case vignettes 

 

Identify types of 

abuse 

 

5 min 

Video 

 

Recognize 

indicators for 

serious injuries 

 

7 min 

Audio 

Recording 

 

Understand role in 

preventing and 

responding to child 

abuse 

10 min 

LM-24:  

Which 

bruises 

are 

suspicious 
for abuse 

--- 

Yes/No 

Questions 

It’s 

normal for 

toddlers to 

bruise 

shins, 

forearms, 
foreheads 

–where 

they land 

when they 

tumble. 

“If they 

don’t 

cruise, they 
shouldn’t 

bruise” 

KT-3.14 

 

Any bruising 

on a toddler’s 
forehead 

 

(Y/N/Unsure) 

Which of the following should be 

reported to child protective services as 
suspected child abuse? 

 

Multiple 
response items 

Develop decision-
making skills 

3 min 

 

 

 

 

  



Creating and evaluating a fully developed and integrated Micro-Learning course was well beyond the scope of 
the parent study. However, due to the study team’s initiative and subsequent pilot work, we are now positioned 
to operationalize and systematically test Micro-Learning as a strategy for optimizing learning and changing 
behavior. By serving as scaffolding to improve self-directed learning, rehearsal for applying new knowledge, and 
skill building, these applied learning exercises, interactive games, badging, and gamified components will engage 
ECPs in deeper learning over extended periods of time, and thereby promote both retention and meaningful 
implementation of what ECPs have learned. 

An oft-cited frustration with training on mandated reporting is the lack of practical feedback.60-62 This is 
particularly unfortunate in light of considerable research demonstrating that “more feedback” results in 
significantly better outcomes than “more instruction” for optimizing learning.63-65 That said, quality feedback 
about detection and reporting of child abuse is challenging because real-world decisions are often fraught with 
uncertainty. Even when strong signals (ie, red flags for abuse) are present, uncertainty introduced by contextual 
factors (eg, cultural differences or communication barriers) can be crippling. Because uncertainty leads to 
decision avoidance, and practical feedback is often lacking,66 many mandated reporters don’t report their 
suspicions of child abuse.67-70 Yet the challenge of accurately detecting child abuse is not unique with respect to 
uncertainty; there are many fields where the “Truth” of a situation is hard (if not impossible) to discern. In these 
situations, expert judgment is still feasible, provided that the feedback is both discriminating and consistent.71 
The use of enhanced gamification will allow iLookOut’s Micro-Learning to challenge ECPs to apply their 
knowledge to discern when children are at risk, and receive expert feedback to develop their judgment for those 
times when they will need to take action to protect a child from abuse. 

The persuasive power of expertise is well known,72-75 and can be explained in part by fundamental principles 
of social learning theory.76 Little is known about the effect expert feedback has on judgment and decision-making 
regarding child abuse, but its impact has been examined in other contexts. For example, an online interactive 
tool that provided expert feedback about treatment decisions for patients with lung cancer influenced 73% of 
oncologists’ clinical treatment decisions.77 The proposed enhanced Micro-Learning will explore the impact of 
expert feedback on judgment and decisions with regard to ECPs and possible child abuse. We have developed 
several exercises involving paired scenarios in which key features are varied to represent the various types of 
abuse across a wide range of conditions, and variable degrees of likelihood. Expert feedback will include 
evidence-based information about the risk of abuse, as well as information about contextual features the learner 
should understand –including how to interpret these features, and how child protective services would likely 
respond if a report were to be made. 

Relatedly, situations constituting child abuse often are not readily apparent or clearly defined. As a major 
public health concern, child abuse has been called a “wicked problem”78 whose complexity and “ill-defined” 
nature leads to conflicting assumptions, evidence, opinions, and solutions.79 Moreover, variability in mandated 
reporting statutory language,80 concomitant risk factors (eg, poverty, intimate partner violence),81, 82 different 
individual beliefs, attitudes, thresholds for reporting,83 and preparedness to report,32,84 along with variable 
organizational procedures37 can make it challenging to develop interventions that guarantee improved detection 
and reporting of child abuse. 

Despite strong 
arguments for using 
theory-driven, 
evidence-based 
educational strategies 
to effect changes in 
standard practice,35, 40, 

85, 86 to our knowledge 
there has been no 
assessment of different 
implementation 
strategies for training 
mandated reporters. The current study’s AIM 3 will address this gap through a rigorous comparison of discrete 
(Core training) vs. multi-faceted (Core+Micro-Learning) implementation strategies.35, 40 While the focus of this 
comparison will be on preventing and/or remediating knowledge decay (AIM 1) and changing behavior (AIM 2), 
we will also analyze the feasibility of discrete and multi-faceted implementation strategies (AIM 3), including the 
potential impact of moderating factors (eg, demographics and site characteristics) (see Fig. 5).  



This approach meets all 6 criteria for a Hybrid Type 2 design87 to dual test both an intervention and 
implementation strategy (I&IS): the I&IS both: 1) have strong face validity; 2) have a strong base of (at least) 
indirect evidence that they are applicable for the proposed setting; and 3) involve minimal risk; as well as 4) 
there is evidence (see A.2.1) that the intervention would be readily adopted if shown to be effective; 5) it is 
reasonable to suspect that the I&IS are both supportable in a real world setting; and 6) there is reason to gather 
more data on the effectiveness of the intervention. Hybrid I&IS study designs are increasingly recognized as not 
only efficient, but also important for establishing that interventions are both effective and sustainable.87-92  

B.6 Generalizability.  The methodology and content that emerge from this project also have significant 
potential beyond the present proposal (see Perkins, CYW, & NWRA LOS). This is because iLookOut’s Micro-
Learning platform was designed so that state-specific “cohorts” can be created within the platform –such that 
learning content can be readily adapted (as needed) for other states; and data collection, analysis, and 
credentialing can be rendered distinct for multiple cohorts of learners. Additionally, Micro-Learning can help 
individualize learning by tackling what J. McVicker Hunt long ago dubbed the “problem of the match.”93, 94 That 
is, micro-learning methodology can be developed to include an expansive database that provides tailored 
feedback to address gaps in understanding that are revealed by an individual’s responses to question items.  

C) APPROACH –STUDY DESIGN  

C.1 Participants & Arm Assignment.  All ECPs in Pennsylvania will be eligible to complete (at no cost) 
iLookOut’s Core training to meet their state requirement for training on mandated reporting. In preparation for 
this (and in partnership with Pennsylvania’s Department of Human Services), a newly adapted version of 
iLookOut’s Core training now fully accords with Pennsylvania law vis-à-vis definitions, requirements, resources, 
contact information, and legal penalties. A similar process will be followed to ensure that Micro-Learning is 
appropriately tailored for Pennsylvania ECPs. Completing the Core training involves downloading the iLookOut 
App, which then positions ECPs to receive notifications linked to subsequent Micro-Learning. Upon completion 
of the Core training, participants will be randomized to 1 of 4 study arms (see Fig. 6) to receive Micro-Learning 
notifications either immediately, or after a delay of 3, 6, or 9 months. Stratification will be based on child care 
program type (Family-based, Head Start, Center, Pre-school/Nursery school), as well as size, QRIS rating 
(quality rating and improvement system), and rurality (using both Federal census and RUCA designation). 

ECPs in the immediate arm will begin receiving Micro-Learning activities the day after they complete 
iLookOut’s Core training. Because they will have just completed measures for knowledge, behavior, confidence, 
attitudes, and preparedness (KBCAP), they will not repeat those measures before engaging in Micro-Learning.  
After finishing the Micro-Learning program, these ECPs will again complete KBCAP measures. Then, 3 months 
later, learners will complete the KBCAP measures one final time. Implementation measures (ie, acceptability, 



appropriateness, Net Promoter –see C.4) will be completed after Core training, and then again 3 months after 
Micro-Learning. ECPs in the other study arms will follow the same study procedures, however, they will i) 
experience a time delay (of 3, 6, or 9 months) between completing the Core training and receiving Micro-
Learning activities, and ii) complete the KBCAP measures prior to their first Micro-Learning activity (which will 
be used to measure knowledge decay and change in behavior over time). 

While there is strong reason to believe that spaced 
retrieval/practice will help boost ECPs’ learning,43-47 the optimal 
timing for this reinforcement is not known. Accordingly, we will 
evaluate knowledge decay and the subsequent boost by 
randomizing ECPs (after they complete Core training) to 1 of 4 
study arms to receive Micro-Learning at increasingly longer 
intervals (aka, expanding schedules).43, 95 Based on prior 
research,7, 47, 96 we anticipate (see Fig. 7) that 1) knowledge will 
decline more and more over time; 2) Micro-Learning will boost 
knowledge (from K3 to K4); 3) the greater the decline (from K2 
to K3), the greater the boost will be; but 4) the longer the time 
period before Micro-Learning, the lower the end-knowledge 
(K4). (Please note that for ease of representation, the (K5) final 
measure of knowledge that occurs 3 months after ECPs complete Micro-Learning is not depicted in Fig. 7.)  

C.2 Recruitment 

The exact number of ECPs in Pennsylvania is not known. However, based on past experience (>12,000 people 
completing the beta-version of iLookOut over 3.5 years in an open enrollment trial with no recruitment efforts, 
whatsoever), the need for all ECPs to re-take training on mandated reporting every 4 years, and the fact that this 
workforce has an annual attrition of 20-25%,97-99 we estimate being able to recruit 1,500 participants per study 
arm (see also C.6.2). This number is entirely in keeping with recruitment in our parent study: 1,500 ECPs 
enrolled in 2.5 years in a state (Maine) whose population is roughly 10 times smaller than Pennsylvania. 

We anticipate that few ECPs who enroll will have previously completed the beta-version of iLookOut’s Core 
training (given the many other trainings in Pennsylvania), but will record this during registration, and control 
for it in data analysis. Based on experience with the beta-version of Micro-Learning currently deployed in Maine 
(see A.2.1), we anticipate >50% of Pennsylvania ECPs who complete Core training will engage in Micro-Learning. 

Because iLookOut is online (via website or the iLookOut App) it is largely immune to many of the barriers that 
hamper in-person training. The iLookOut trainings will be available at no cost, and the Core training is already 
approved for meeting state requirements for training on mandated reporting. The following recruitment 
strategies will ensure visibility of iLookOut and promote engagement by ECPs. Tier I: 1) work with Pennsylvania 
child care organizations (see LOS from PA Key, OCDEL, PennAEYC, & BKC) to promote the iLookOut trainings 
via email list-serves, Facebook pages, newsletters, etc; 2) host webinars and informational video-conferences; 
and 3) deploy social media campaigns (including sample activities, interactive videos, etc). Tier II: 4) contact 
child care programs by phone, as well as distribute recruitment materials to child care programs 5) by mail and 
6) in-person. All these strategies have been successfully employed by the parent study. 

Following initial recruitment, ongoing retention will be promoted by the quality of iLookOut’s content and 
delivery, as well as by Elisha (the electronic mentor who guides ECPs through iLookOut’s trainings) –including 
(after the Core training) weekly email and/or App reminders of new learning topics. In the parent study, >90% 
of ECPs who start the Core training completed it, and >50% of those have gone on to engage in the beta-version 
of Micro-Learning. For the current study, gamification and learning design experts will enhance the design of 
Elisha’s weekly communications to further increase engagement in Micro-Learning. Additionally, we will 
regularly send out various kinds of reminders to learners who lag behind their assigned learning schedule. 

C.3 Aims & Hypotheses.  The parent study has shown (see A.2.1) that iLookOut’s Core training improves 
knowledge and attitudes regarding child abuse and its reporting,100 and preliminary data suggest that over the 
short-term it also improves reporting of suspected child abuse (see A.2.1). What remains unknown is whether 
follow-up Micro-Learning can promote 1) knowledge retention or 2) changes in behavior, or 3) whether it is a 
feasible intervention for keeping ECPs engaged in activities related to protecting children from abuse. The Micro-
Learning exercises we have created build upon each other; expand information and topics previously introduced; 
help learners develop their judgment, decision-making, and communication skills; and provide opportunities to 
practice applying newly acquired knowledge. The first study aim is to measure ECPs’ knowledge loss over time, 
and how much Micro-Learning remediates such knowledge decays. The second study aim is to measure behavior 



changes after ECPs complete Micro-Learning, using the stepped-wedge study design to control for latent effects 
from the Core training. The third study aim focuses on implementation to judge the feasibility of Micro-Learning. 

AIM 1 involves assessing knowledge decay (following Core training) regarding child abuse and its reporting, 
and the impact of Micro-Learning on knowledge remediation. Analyses will be based on a 4-arm design, in which 
(immediately after completing Core training) ECPs are randomized to start Micro-Learning right away, or after 
a delay of 3, 6, or 9 months, respectively (see C.1). Knowledge assessments (see C4.1) will occur at 5 time points 
(K1-K5, see Fig. 6, where knowledge is notated as the “K” in the Knowledge-Behavior-Confidence-Attitudes-
Preparedness [KBCAP] measurement). To test Hypothesis 1, the change in score from K2 to K3 will be used to 
calculate mean knowledge decay for each of the arms in which there is a delay between the Core and Micro-
Learning programs. Based on work by Ebbinghaus101 and more recent research on learning and forgetting,15, 102-

104 we expect that (relative to mean knowledge scores immediately following the Core training, ie, K2) knowledge 
loss will be greater the longer the interval between completing Core training and beginning Micro-Learning. 

For Hypothesis 2, we expect that completing Micro-Learning exercises will result in improved knowledge 
scores (K4>K3). This hypothesis is based on broad evidence on the efficacy of post-intervention “booster” 
sessions.105-107 We also plan to investigate whether Micro-Learning related improvement in knowledge scores (K4 
vs K3) and their sustainability (K5 vs K4) vary based on the timing of Micro-Learning. Here, our hypothesis is that 
longer delays between the Core training and Micro-Learning will be associated with greater recovery (ie, greater 
increases from K3 to K4, given the greater initial knowledge loss from K2 to K3), but that the longer the delay, the 
lower the subsequent knowledge (K4). We then expect to see roughly equal rates of knowledge loss in the 3 
months after completion of Micro-Learning (K5 vs K4). This hypothesis is based on observations that specialized 
knowledge requires more immediate practice following initial information acquisition.108 This design enables 
examination of behavioral drift, that is, how long knowledge (and skill, for AIM 2) regarding child abuse and its 
reporting will be sustained after reinforcement is removed. 

AIM 2 focuses on behavior change consequent to Micro-Learning, in terms of 1) ECPs’ reporting of suspected 
abuse, and 2) behaviors ECPs take to support at-risk children and their families. We will measure reporting 
practices in two ways. First, as part of the KBCAP, we will survey ECPs about the number of children they have 
reported over the preceding 3 months. ECPs’ responses after completing Micro-Learning (ie, B4 and B5) will be 
compared to reporting practices both before (B1) and after (B2) the Core training, as well as prior to starting 
Micro-Learning (B3). Second, in collaboration with Pennsylvania’s child protection services (see LOS from CYS), 
we will assess whether reports of suspected abuse were more likely to be substantiated if the person who made 
the report had completed iLookOut’s Micro-Learning. To accomplish this, a child protection service 
administrator will cross-check the names of ECPs who completed Micro-Learning (which we will share) with the 
names of ECPs who reported suspected child abuse, and then will compare substantiation rates for those reports 
vs reports from ECPs who did not engage in Micro-Learning. 

The second type of behavior change we will evaluate is actions ECPs take to protect and/or support at-
risk children and their families. These data will be collected as part of the KBCAP measures at the time 
points indicated above for reporting practices. The actions we will measure include: identifying resources to help 
children/families in need (eg, making referrals to social services, creating handouts with contact information for 
resources); promoting protective factors for children and their families (eg, participation in activities that build 
parental resilience, social connections, social/emotional competence); and formal documentation of concerns 
related to a child being at-risk (eg, inadequate resources, family stress, intimate partner violence, substance use 
disorders). In addition, given the likely link between an individual’s knowledge and their subsequent behavior, 
we will explore whether increased knowledge mediates changes in reporting behavior. 

AIM 3 is to establish the feasibility of a multi-faceted strategy (Core+Micro-learning), as defined by all the 
following criteria being met: 1) ≥ 50% of ECPs who complete Core training also complete the 3-hour Micro-
Learning course; 2) >75% of ECPs who complete Micro-Learning endorse the multi-faceted strategy, as defined 
by a positive (>0) Net Promoter Score (see C.4.2) 3) >75% of ECPs rate the multi-faceted strategy as acceptable, 
defined as a mean score >30 on the (8-48) Abbreviated Acceptability Rating Profile;109 and 4) >75% of ECPs rate 
the multi-faceted strategy as appropriate using the Assessment Follow-Up scale adapted from Bartholomew110 
(where appropriateness is the perceived fit, relevance, or compatibility for addressing a particular issue or 
problem111). Additionally, we will compare the magnitude of parameter estimates between 
Core→implementation vs Core+Micro-Learning→implementation (see Fig. 5).  

C.4 Measures.  

C.4.1 Provider Outcomes.  Knowledge (K) gain will be assessed via pre-/post-test measures using a validated 
26-item instrument104 with good reliability (α=0.73) comprising 5 subscales: actions by adults that might 



constitute child abuse; bruises that might indicate child abuse; legal requirements regarding child abuse; 
concerning signs or behavior indicating child abuse; and legal penalties for failing to report child abuse. Change 
in behavior (B) will be assessed using the measures described above (see C.3 AIM 2) for ECPs’ reporting 
practices, as well as actions taken to protect and/or support at-risk children and their families. These measures 
of behavior will be created and validated with the assistance of Research Matters, who helped with validation of 
iLookOut’s knowledge test,104  using scales that allow for comparison across different time-points. 

ECPs’ confidence, attitudes, preparedness (CAP), and satisfaction will be measured using the following 
questions from a validated scales. Confidence: Likert-type scale (1=not at all confident; 10=extremely confident) 
for the question “How confident are you that you can identify signs of child abuse?”112 Attitudes: 13-item scale 
(used previously with iLookOut13, 14) examining ECPs’ attitudes regarding their duty to report child abuse.113 
Preparedness: Likert-type scale (1=entirely unprepared; 7=very well prepared) for the question “How prepared 
do you feel to report child abuse should the need arise?”114   B Overall satisfaction: Likert-type scale (1=not at all 
satisfied; 10=extremely satisfied) for the question “How satisfied were you with this program?”115 C 

C.4.2 Implementation Outcomes.  Implementation outcomes will be measured post-intervention (ie, 
concurrent with KBCAP2 and KBCAP4, see Fig. 6) across 3 domains. Acceptability includes 8 validated questions 
focused on ease of learning, and helpfulness of program components.109 Appropriateness domain includes 4 
validated questions with high internal consistency (α=0.90)110 focused on the use and utility of training materials. 
The Net Promoter Score (NPS) is a widely used index whose -100 to +100 scale measures users’ willingness to 
recommend a product to others, where a positive NPS score (>0) is generally deemed “good,” a NPS of +50 is 
deemed “excellent,” and anything over +70 is “exceptional”).116-118 We will also include 3 questions asking about 
program completion time, ease of use, and whether it kept their interest/attention. Based on Proctor et al’s 
framework,35 variability in these implementation outcomes can be examined in relation to Core (ie, discrete) or 
Core+Micro-Learning (ie, multi-faceted) by comparing the magnitude of direct effects between these 
implementation strategies, with further analysis examining possible moderators (eg, demographic factors, site 
characteristics). 

C.5 Activity-based Micro-learning & Badging are grounded in 3 concepts for reinforcing retention and 
recall. The first, retrieval practice, promotes long-term retention and meaningful learning119 by prompting 
learners to recall and apply information (via micro-learning) rather than to simply re-read/re-listen to content. 
Most learners do not practice retrieval without prompting, and when they do often have difficulty objectively 
evaluating their own responses.119 Gamified micro-learning address both these issues. Second, micro-learning 
promotes spaced retrieval,120 which has been found highly effective for retention of content;53, 120, 121 and when 
combined with retrieval practice can improve recall by as much as 41%.122 The third concept, game-based 
badging, recognizes achievement and boosts motivation by helping learners reflect on their performance in 
relation to goals they set for themselves,123 which can increase their sense of competence and motivation.124 
Game-based badging is designed to maximize the learner’s sense of agency, mastery, and relatedness –which can 
(per Self-Determination Theory)125 increase motivation. 

Though digital badges are relatively new for benchmarking knowledge and skill achievement, they build on a 
rich history of research and understanding about motivation, reputation, and recognition. Cloth badges have 
motivated generations to engage in activities and master a wide variety of skills.19, 20, 126 Digital badges are now 
emerging as an innovation for credentialing, continuing education credit, and professional passports to 
document skill-based competencies.22, 127, 128 Systematically designed digital badging can render learning 
pathways and goals more transparent, and readily communicate learner competencies and progress in the form 
of a digital learning passport.9, 10, 27, 129 As a credentialing mechanism, digital badges also provide visible 
recognition of educational achievements that can link directly to meta-data for public display.10 

C.6 Statistical Considerations. 

C.6.1 Randomization plan.  A stratified permuted block randomization procedure will be built into the 
iLookOut App with assignments occurring at the time ECPs complete the Core training. ECPs will be first 
subdivided into strata, based (as with the parent study) on child care program type (Family-based, Head Start, 
Center, Pre-school/Nursery school), as well as size, QRIS quality rating, and rurality (using both Federal census 
and RUCA designation), which helps achieve comparability between study arms. Within each stratum, a 
permuted block randomization will be applied to randomize ECPs to 1 of 4 study arms. This guarantees that at 
no time during randomization will the imbalance be large, and protects against temporal trends during 
enrollment, which can affect larger trials with long enrollment phases. 

ECPs in the 4 arms will receive Micro-Learning notifications either immediately after completing the Core 
training, or after a delay of 3, 6, or 9 months, respectively (see Fig. 6). The overall recruitment is 3 years (Y2-Y4). 



To optimize data collection for the last arm (ie, those experiencing a 9-month delay prior to Micro-Learning), we 
will randomize in 2 consecutive phases: 1) initially assigning a sampling weight of (2,2,2,3) to the respective 
arms, so that accrual of the last arm (ie, 9-month delay) can be completed within the first 2.5 years (assuming a 
constant accrual rate); and 2) assigning a randomization ratio of (1,1,1) for the first 3 arms after the 9-month-
delay-arm has reached its targeted sample size. 

C.6.2 Sample Size Justification.  >12,000 Pennsylvania ECPs completed the beta-version of iLookOut’s Core 
training between 2/15–5/18 with no recruitment whatsoever; and >50% of ECPs in Maine engaged in our pilot 
deployment of Micro-Learning. Hence, we anticipate being able to recruit ~12,000 ECPs to complete the new 
Core training during Y2-4, and conservatively estimate that over those 3 years 6,000 ECPs will both complete 
the Core training and engage in Micro-Learning, allowing us to assign 1,500 participants to each study arm. 

We estimate that the completion rate for the 3-hour Micro-Learning will be >70% for the ECPs in the 
immediate arm, and that for ECPs in the 3-, 6-, and 9-month delay arms the completion rates will be 65%, 60% 
and 55%, respectively. These estimates are based on experience with the beta-version of Micro-Learning 
deployed in Maine, promised support from key stakeholders in Pennsylvania (see LOS), and the assumption that 
the 1-year ECP workforce attrition rate will be 25% with exponential decay. This will give us an estimated overall 
completion rate of 62% (ie, 3,720 ECPs) for Aim 3, with 88% power to detect a 2% deviation in completion rate 
at a significance level of 5%, or 95% power to detect a 3% deviation in the other iLookOut feasibility measures 
(among those who complete the Micro-Learning program) at an adjusted significance level of 5% after 
adjustment for multiple comparison, using two-sided binomial test. As noted, multiple strategies will be used to 
recruit the target number of participants. But even if external events (eg, COVID-related disruptions) impede 
recruitment we are adequately powered (80% power for the complete rate estimation and 90% power for other 
feasibility measures) if we only reach 80% of target enrollment.  For Aim 1, we will have >95% power (and >90% 
power if recruitment problems arise) to detect an effect size of 0.21 between any arms (assuming the same 
exponential attrition of ECPs) in mean knowledge decay (K3 vs K2), Micro-Learning impact on knowledge 
remediation (K4 vs K3) or sustainability (K5 vs K4), using 2-sided two-sample t-test at an adjusted significance 
level of 0.05. For Aim 2, the expected 3,720 ECPs will give us 95% power (and 90% power if only 80% of target 
enrollment is reached) to identify a significant effect size of 0.06 in behavior change of 3-month child abuse 
reporting using 2-sided paired t-test. Power calculation was based on nQuery 4.0.130 

C.6.3 Data Analysis.  Separate mixed-effects linear regression model131 will be applied to assess (1) the 
knowledge decay effect based on the data collected at KBCAP2 and KBCAP3, (2) the knowledge remediation effect 
of Micro-Learning based on change from KBCAP3 to KBCAP4, (3) the knowledge retention effect using data at 
KBCAP4 and KBCAP5, and (4) the behavior change between any time points and how it is correlated to the 
knowledge score for Aims 1 & 2, after controlling for participants’ baseline characteristics and work setting. In 
addition, the regression model will adjust effects for allocation blocks and the factors for stratification in the 
analysis to reduce group variability.  

Given the nested structure of the data (e.g., multiple reports from ECPs nested within a child care program, 
and multiple child care programs within each program type), the random-effects in the model are designed to be 
multilevel to account for shared variance explained by child care program. It is a useful approach in such contexts 
(ie, non-independent data structure) that models both within-program and between-program changes in 
knowledge and behavior (measured via KBCAPt) over time. Demographic and site characteristics will also be 
included in subsequent models to examine potential conditional effects (ie, moderation) on intervention. The 
multilevel model will be fit in R using the nlme package132 with restricted maximum likelihood. If singular fit 
error occurs, Bayesian multilevel modeling will be applied instead using JAGS.133  

Figure 8 illustrates a typical multilevel model example that we will 
apply for data analysis. For these equations, Yijk is an outcome variable 

representing the change of knowledge or behaviors (ie, KBCAPt) for 
individual k in intervention arm i and randomization block j; Ai is the 
effect for being in arm i; and Bj is the random effect for being in block j, 
respectively.  f(Pijk, Xijk) is the moderator effect from factors P and X, 
where P denotes the child care program, and X is a multivariate vector of baseline characteristics such as age 

and gender that are all program-unrelated. p is the effect for program p, which consists of c, the effect of the 
program type Tp=c, and the effect of other program-related factors Z such as size, QRIS rating, and rurality level. 
εijk and up are the random effects of ECP intercept and program intercept, respectively. 

The binomial test will be applied for outcomes in Aim 3. Mixed-effects logistic regression will assess the 
heterogeneity in child care programs and the effect of the time-delay on Micro-Learning following the Core 
training after controlling demographic and site characteristics. P-values and 95% confidence intervals (CIs) for 



comparison between arms. For behaviors listed as the second type in C.3, p-values and 95% CIs will be adjusted 
for multiple comparison using Bonferroni correction. Because we will track when ECPs receive their first Micro-
Learning activity, and when they complete Micro-Learning, we will also explore the impact of any lag time prior 
to engaging in Micro-Learning, and how long it actually takes ECPs to complete the full course of Micro-Learning. 

C.6.4 Plan for the Handling of Missing Data.  We will handle missing data by taking advantage of all 
observed information while not exaggerating precision of findings based on incomplete data. Full information 
maximum likelihood will be employed as a data estimation method to account for missing variables in the data, 
and can produce unbiased parameter estimates and standard errors under the assumption data are missing 
completely at random (MCAR) or missing at random (MAR). The MCAR assumption will be tested using the 
single global test proposed by Little & Rubin.134 If an MCAR or MAR assumption seems tenuous, we will explore 
the use of modern missing data methods (eg, maximum likelihood or Bayesian multiple imputation)135 that 
address uncertainty when participants are lost-to-follow-up.136-139 To minimize risk of selective enrollment and 
differential attrition, we will use logistic regression to compare participants with national data on ECPs, and 
conduct post-hoc analyses140 to correct for any differences. 

C.7 Timeline.  During Year 1, Micro-Learning content and 
design will be revised, and study protocols and approvals 
will be completed. Participant Recruitment will occur in 
Year 2 through Year 4. During Year 5, study data will be 
analyzed and submitted for publication. (see Fig. 9)  

C.8 Potential Problems.  Perhaps the greatest potential 
problem for the proposed Revision is inadequate 
enrollment due to lack of uptake and/or attrition. To 
account for inadequate internet access as a cause of poor 
enrollment, both the Core training and Micro-Learning 
were designed to minimize bandwidth requirements (via caching optimization). To account for lack of interest 
as a barrier to enrollment, we have partnered with influential stakeholders in Pennsylvania (see LOS from PA 
Key, OCDEL, PennAEYC, & BKC), will obtain approval for 3 hours of professional development credit (at no 
charge to ECPs), and will hold focus groups with (non-study) ECPs to gather feedback to optimize the appeal of 
Micro-Learning. If ECPs don’t initially respond, we will contact them via text or email (recorded during 
registration) and remind them Micro-Learning provides 3 hours of professional development credit at no charge. 
That said, iLookOut’s track record in both Maine and Pennsylvania suggests uptake will be strong. To account 
for and minimize potential contamination, study participants will: 1) be randomized to 1 of 4 study arms after 
they have completed Core training; 2) receive a unique user ID, and 3) be asked to not share access with other 
ECPs. Moreover, we do not expect prior uptake of the beta-version of iLookOut’s Core training to interfere with 
recruitment given the 20-25% annual ECP workforce attrition,97-99 Pennsylvania requires child abuse training be 
repeated every 4 years, and Micro-Learning has never been introduced in Pennsylvania. We will, however query 
about prior training on mandated reporting, and control for that in our analysis. 

To account for selective enrollment and selection bias, we will track participants, compare them with the overall 
early childhood workforce (using logistic regression for age, educational level, ethnicity, rurality, etc), and re-
contact ECPs from under-represented groups. We will account for differential attrition by comparing attrition 
across study arms, types of child care, and participant demographics. If differences are identified for either 
enrollment or attrition, we will conduct post-hoc analyses132 that correct for these differences. Also, we will 1) 
maintain updated records of participants so ECPs can be re-contacted; 2) limit the length of primary data 
collection for any given ECP to 15 months (thereby minimizing participant burden); and 3) employ imputation 
and related estimation techniques to statistically manage attrition-related missing data (see C.5.4). 

C.9 Benchmarks for Success.  If the aims of this study are met, we: 1) will have established that iLookOut’s 
multi-faceted implementation strategy is a feasible and effective means for improving knowledge 
and behavior regarding child abuse and its reporting; and will better understand 2) patterns of 
knowledge decay on this important topic, as well as 3) how best to sustain learning through micro-learning 
reinforcement strategies. Because iLookOut is a readily scalable intervention (particularly with regard to Micro-
Learning), we expect our study findings will 4) advance real-world strategies for preparing mandated reporters 
to identify and report suspected abuse. Future studies stemming from this work include examining the 
scalability of iLookOut with other states and/or other populations of mandated reporters, and designing gamified 
micro-learning strategies for other important topics that affect child well-being (eg, post-partum depression, 
substance use disorders, trauma-informed care). 
 



 
 
REFERENCES 
 
1. U.S. Department of Health & Human Services, Administration for Children and Families, 

Administration on Children, Youth, and Families, Children’s Bureau. (2019). Child Maltreatment 2017. 
Available from https://www.acf.hhs.gov/cb/research-data-technology/statistics-research/child-
maltreatment 

2. U.S. Department of Health & Human Services, Administration for Children and Families, 
Administration on Children, Youth, and Families, Children’s Bureau. (2017). Child Maltreatment 2015. 
Available from http://www.acf.hhs.gov/programs/cb/research-data-technology/statistics-
research/child-maltreatment 

3. McKee BE, Dillenburger K. Effectiveness of child protection training for pre-service early childhood 
educators. International Journal of Educational Research. 2012;53:348-359. 
doi:10.1016/j.ijer.2012.04.008 

4. Goldman J, Grimbeek P. Preservice teachers’ sources of information on mandatory reporting of child 
sexual abuse. Journal of child sexual abuse. 2015;24(3):238-258.  

5. Ayling N, Walsh K, Williams K. Factors influencing early childhood education and care educators' 
reporting of child abuse and neglect. Australasian Journal of Early Childhood. 2020;45(1):95-108. 
doi:doi.org/10.1177/1836939119885307 

6. Ho G, Bettencourt A, Gross D. Reporting and identifying child physical abuse: How well are we doing? 
Research in Nursing & Health. 2017;40(6):519-527.  

7. Kang S. Spaced repetition promotes efficient and effective learning: Policy implications for instruction. 
Policy insights from the behavioral and brain sciences. 2016;3(1):12-19.  

8. Landers R, Bauer K, Callan R. Gamification of task performance with leaderboards: A goal setting 
experiment. Computers in Human Behavior. 2017;71:508-515.  

9. Hamari J, Koivisto J, Sarsa H. Does gamification work?--a literature review of empirical studies on 
gamification. IEEE; 2014:3025-3034. 

10. Gibson D, Ostashewski N, Flintoff K, Grant S, Knight E. Digital badges in education. Education and 
Information Technologies. 2015;20(2):403-410.  

11. Levi B, Belser A, Kapp K, et al. iLookOut for Child Abuse: conceptual and practical considerations in 
creating an online learning programme to engage learners and promote behaviour change. Early Child 
Development and Care. 2019. 1-10. PMCID: In-Progress. 
doi:doi.org/10.1080/03004430.2019.1626374 

12. Freeman S, Eddy S, McDonough M, et al. Active learning increases student performance in science, 
engineering, and mathematics. Proceedings of the National Academy of Sciences. 2014;111(23):8410-
8415.  

13. Yang C, Panlilio C, Verdiglione N, et al. Generalizing findings from a randomized controlled trial to a 
real-world study of the iLookOut, an online education program to improve early childhood care and 
education providers’ knowledge and attitudes about reporting child maltreatment. PLoS ONE. 
2020;15(1)doi:doi.org/10.1371/journal.pone.0227398. PMCID: PMC6948728 

14. Mathews B, Yang C, Lehman E, Mincemoyer C, Verdiglione N, Levi B. Educating early childhood care 
and education providers to improve knowledge and attitudes about reporting child maltreatment. PLOS 
One. 2017;doi:doi.org/10.1371/journal.pone.0177777 

15. Murre J, Dros J. Replication and analysis of Ebbinghaus’ forgetting curve. PloS one. 
2015;10(7):e0120644.  

16. Bell D, Harless C, Higa J, et al. Knowledge retention after an online tutorial: a randomized educational 
experiment among resident physicians. Journal of general internal medicine. 2008;23(8):1164-1171.  

17. Soderstrom N, Kerr T, Bjork R. The critical importance of retrieval—and spacing—for learning. 
Psychological science. 2016;27(2):223-230.  

18. Bishop A, Lunn P, Johnson K. ‘I would just like to run away and hide, but I won't!’ Exploring attitudes 
and perceptions on child protection issues with early years teacher trainees on the threshold of their 
careers. Westminster Studies in Education. 2002;25(2):187-199. 
doi:doi.org/10.1080/014672020250208 

19. Digital badges. Accessed Oct. 22, 2020. https://www.hastac.org/initiatives/digital-badges 
20. Badging. Accessed Oct. 22, 2020. https://en.wikipedia.org/wiki/Digital_badge 
21. National Workforce Registry Alliance. White papers on badging: 

https://www.acf.hhs.gov/cb/research-data-technology/statistics-research/child-maltreatment
https://www.acf.hhs.gov/cb/research-data-technology/statistics-research/child-maltreatment
http://www.acf.hhs.gov/programs/cb/research-data-technology/statistics-research/child-maltreatment
http://www.acf.hhs.gov/programs/cb/research-data-technology/statistics-research/child-maltreatment


1) Bridging gaps to advance the early childhood workforce of today and the future 
2) Exploring the possibilities of badges for the early childhood workforce CCDGB 
3) Badging: Considerations and potential ahead for the early childhood workforce 2016. 
http://www.registryalliance.org/our-work/digital-badging 

22. Shields R, Chugh R. Digital badges–rewards for learning? Education and Information Technologies. 
2017;22(4):1817-1824.  

23. Kyzar KB, Chiu C, Kemp P, Aldersey HM, Turnbull AP, Lindeman DP. Feasibility of an online 
professional development program for early intervention practitioners. Infants & Young Children. 
2014;27(2):174-191. doi:10.1097/IYC.0000000000000007 

24. Liarakou G, Sakka E, Gavrilakis C, Tsolakidis C. Evaluation of serious games, as a tool for education for 
sustainable development. European Journal of Open, Distance and E-learning. 2012;15(2) 

25. Rogers E. Diffusion of Innovations. 5th ed. Free Press; 2003. 
26. Stokes J, Schmidt G. Race, poverty and child protection decision making. British Journal of Social 

Work. 2011;41(6):1105-1121.  
27. Ostashewski N, Reid D. A history and frameworks of digital badges in education. In: Reiners T, Wood 

LC, eds. Gamification in education and business. Springer; 2015:187-200. 
28. Powell B, McMillen J, Proctor E, et al. A compilation of strategies for implementing clinical innovations 

in health and mental health. Medical Care Research and Review. 2012;69(2):123-157. 
doi:doi:10.1177/1077558711430690 

29. Carter Y, Bannon M, Limbert C, Docherty A, Barlow J. Improving child protection: A systematic review 
of training and procedural interventions. Archives of Disease in Childhood. Sep 2006;91(9):740-743. 
doi:10.1136/adc.2005.092007 

30. Dinehart LH, Katz LF, Manfra L, Ullery MA. Providing quality early care and education to young 
children who experience maltreatment: A review of the literature. Early Childhood Education Journal. 
2013;41(4):283-290.  

31. Kenny M. Child abuse reporting: Teachers' perceived deterrents. Child Abuse & Neglect. 2001;25(1):81-
92. doi:doi:10.1016/S0145-2134(00)00218-0 

32. Kenny M. Teachers' attitudes toward and knowledge of child maltreatment. Child Abuse & Neglect. 
2004;28(12):1311-1319. doi:doi:10.1016/j.chiabu.2004.06.010 

33. Kenny M, Lopez-Griman A, Donohue B. Development and initial evaluation of a cost-effective, internet-
based program to assist professionals in reporting suspected child maltreatment. Journal of Child & 
Adolescent Trauma. 2017;10(4):385-393. doi:doi:10.1007/s40653-016-0110-3 

34. Powell B, Proctor E, Glass J. A systematic review of strategies for implementing empirically supported 
mental health interventions. Research on Social Work Practice. 2014;24(2):192-212. 
doi:doi:10.1177/1049731513505778 

35. Proctor E, Landsverk J, Aarons G, Chambers D, Glisson C, Mittman B. Implementation research in 
mental health services: An emerging science with conceptual, methodological, and training challenges. 
Administration and Policy in Mental Health and Mental Health Services Research. 2009;36(1):24-34. 
doi:doi:10.1007/s10488-008-0197-4 

36. Kapp K, Dore S, Fiene R, et al. Cognitive mapping for iLookOut for Child Abuse: An online training 
program for early childhood professionals. Online Journal of Distance Education and e-Learning. 
2020;8(2):80-89.  

37. Alvarez K, Kenny M, Donohue B, Carpin K. Why are professionals failing to initiate mandated reports of 
child maltreatment, and are there any empirically based training programs to assist professionals in the 
reporting process? Article. Aggression and Violent Behavior. Aug 2004;9(5):563-578. 
doi:10.1016/j.avb.2003.07.001 

38. Garet M, Porter A, Desimone L, Birman B, Yoon K. What makes professional development effective? 
Results from a national sample of teachers  American Educational Research Journal. 2001;38(4):915-
945.  

39. Leeman J, Birken S, Powell B, Rohweder C, Shea C. Beyond 'implementation strategies': Classifying the 
full range of strategies used in implementation science and practice  Implementation Science. 
2017;12(1):125-9. doi:doi: 10.1186/s13012-017-0657-x 

40. Powell B, Beidas R, Lewis C, et al. Methods to improve the selection and tailoring of implementation 
strategies. Journal of Behavioral Health Services & Research. 2017;44(2):177-194. doi:doi: 
10.1007/s11414-015-9475-6 

41. Burns K, Gurung R. A longitudinal multisite study of the efficacy of retrieval and spaced practice in 
introductory psychology. Scholarship of Teaching and Learning in Psychology. 2020; 

http://www.registryalliance.org/our-work/digital-badging


42. Dunlosky J, Rawson K, Marsh E, Nathan M, Willingham D. Improving students' learning with effective 
learning techniques: Promising directions from cognitive and educational psychology. Psychological 
Science in the Public Interest. 2013;14(1):4-58. doi:doi:10.1177/1529100612453266 

43. Vlach H, Sandhofer C, Bjork R. Equal spacing and expanding schedules in children's categorization and 
generalization. Journal of Experimental Child Psychology. 2014;123:129-137.  

44. Bahrick H, Hall L. The importance of retrieval failures to long-term retention: A metacognitive 
explanation of the spacing effect. Journal of Memory and Language. 2005;52:566-577.  

45. Maddox G. Understanding the underlying mechanism of the spacing effect in verbal learning: A case for 
encoding variability and study-phase retrieval. Journal of Cognitive Psychology. 2016;28(6):684-706.  

46. Karpicke J, Bauernschmidt A. Spaced retrieval: Absolute spacing enhances learning regardless of 
relative spacing. Journal of Experimental Psychology: Learning, Memory, and Cognition. 
2011;37(5):1250-1257.  

47. Kerfoot B, Kearney M, Connelly D, Ritchey M. Interactive spaced education to assess and improve 
knowledge of clinical practice guidelines: A randomized controlled trial. Annals of Surgery. 
2009;249(5):774-749.  

48. Adesope O, Trevisan D, Sundarajan N. Rethinking the use of tests: A meta-analysis of practice testing. 
Review of Educational Research. 2017;87(3):659-701. doi:DOI: 10.3102/0034654316689306 

49. Ariel R, Karpicke J. Improving self-regulated learning with a retrieval practice intervention. Journal of 
Experimental Psychology: Applied. 2018;24(1):43-56. doi:doi.org/10.1037/xap0000133 

50. Agarwal P. Retrieval practice and Bloom's taxonomy: Do students need fact knowledge before higher 
order learning? Journal of Educational Psychology. 2019;111(2):189-209. 
doi:doi.org/10.1037/edu0000282 

51. Pan S, Rickard T. Transfer of test-enhanced learning: Meta-analytic review and synthesis. 
Psychological Bulletin. 2018;144(7):710-756. doi:doi.org/10.1037/bul0000151 

52. Shaw T, Long A, Chopra S, Kerfoot B. Impact on clinical behavior of face-to-face continuing medical 
education blended with online spaced education: A randomized controlled trial. Journal of Continuing 
Education in the Health Professions. 2011;31(2):103-8. doi:doi: 10.1002/chp.20113 

53. Ramachandran A, Snehalatha C, Ram J, et al. Effectiveness of mobile phone messaging in prevention of 
type 2 diabetes by lifestyle modification in men in India: a prospective, parallel-group, randomised 
controlled trial. The Lancet Diabetes & Endocrinology. 2013;1(3):191-198.  

54. Furrer C, Skinner E. Sense of relatedness as a factor in children's academic engagement and 
performance. Journal of Educational Psychology. 2003;95(1):148-162. doi:DOI: 10.1037/0022-
0663.95.1.148 

55. Kauffeld S, Lehmann-Willenbrock N. Sales training: Effects of spaced practice on training transfer. 
Journal of European Industrial Training. 2010;34(1):23-37. 
doi:doi:http://dx.doi.org/10.1108/03090591011010299 

56. Walsh W, Jones L. Factors that influence child abuse reporting: A survey of child-serving 
professionals. 2015. Retrieved from 
http://unh.edu/ccrc/pdf/Final%20Reporting%20Bulletin%20Profession al%20Perceptions.pdf 

57. Levi B, Crowell K, Walsh K, Dellasega C. How childcare providers interpret ‘Reasonable Suspicion’ of 
child abuse. Child & Youth Care Forum. 2015:1-17.  

58. Somerville D, Verdiglione N, Dore S, et al. 50-state comparison of mandated reporter trainings. 
Submitted for publication.  

59. Broadbent J, Poon W. Self-regulated learning strategies & academic achievement in online higher 
education learning environments: A systematic review. The Internet and Higher Education. 2015;27:1-
13.  

60. Bryant JK, Baldwin PA. School counsellors' perceptions of mandatory reporter training and mandatory 
reporting experiences. Child Abuse Review. 2010;19(3):172-186.  

61. Duvick CJ. The Lived Experience of the Mandated Reporter. Social Work Master's Clinical Research 
Papers. 2015;435 

62. Flaherty EG, Jones R, Sege R, Group CARESR. Telling their stories: primary care practitioners’ 
experience evaluating and reporting injuries caused by child abuse. Child abuse & neglect. 
2004;28(9):939-945.  

63. Bransford J, Brown A, Cocking R, eds. How People Learn: Brain, Mind, Experience and School. 
National Academy Press; 2000. 

64. Hattie J. Visible learning: A synthesis of Over 800 Meta-analyses Relating to Achievement. Routledge; 
2008. 



65. Marzano RJ, Pickering D, Pollock JE. Classroom instruction that works: Research-based strategies for 
increasing student achievement. Association for Supervision and Curriculum Development; 2001. 

66. Smithson M. Conflict aversion: preference for ambiguity vs conflict in sources and evidence. 
Organizational behavior and human decision processes. 1999;79(3):179-198.  

67. Lynne EG, Gifford EJ, Evans KE, Rosch JB. Barriers to Reporting Child Maltreatment Do Emergency 
Medical Services Professionals Fully Understand Their Role as Mandatory Reporters? North Carolina 
medical journal. 2015;76(1):13-18.  

68. Talsma M, Bengtsson Boström K, Östberg A-L. Facing suspected child abuse–what keeps Swedish 
general practitioners from reporting to child protective services? Scandinavian journal of primary 
health care. 2015;33(1):21-26.  

69. Sege R, Flaherty E, Jones R, et al. To report or not to report: examination of the initial primary care 
management of suspicious childhood injuries. Academic pediatrics. 2011;11(6):460-466.  

70. Flaherty EG, Sege R, Price LL, Christoffel KK, Norton DP, O’Connor KG. Pediatrician characteristics 
associated with child abuse identification and reporting: results from a national survey of pediatricians. 
Child Maltreatment. 2006;11(4):361-369.  

71. Weiss DJ, Shanteau J. Who's the best? A relativistic view of expertise. Applied Cognitive Psychology. 
2014;28(4):447-457.  

72. Rhine RJ, Severance LJ. Ego-involvement, discrepancy, source credibility, and attitude change. Journal 
of Personality and Social Psychology. 1970;16(2):175.  

73. Eagly A, Chaiken S. The Psychology of Attitudes. Harcourt Brace Jovanovich College Publishers; 1993. 
74. Cialdini RB, Goldstein NJ. Social influence: Compliance and conformity. Annu Rev Psychol. 

2004;55:591-621.  
75. Bonaccio S, Dalal RS. Advice taking and decision-making: An integrative literature review, and 

implications for the organizational sciences. Organizational Behavior and Human Decision Processes. 
2006;101(2):127-151.  

76. Bandura A. Social Learning Theory. General Learning Press; 1977. 
77. Chow H, Edelman MJ, Giaccone G, et al. Impact of an Interactive On-line Tool on Therapeutic 

Decision-Making for Patients with Advanced Non-Small-Cell Lung Cancer. Journal of Thoracic 
Oncology. 2015;10(10):1421-1429.  

78. Stone S. Maltreatment as a wicked problem: Implications for education settings. In: C P, ed. Trauma 
informed schools: How child maltreatment prevention, detection and intervention can be integrated 
into the school setting. Springer Publishing; 2019:79-91. 

79. Schraw G, Dunkle M, Bendixen L. Cognitive processes in well-defined and ill-defined problem solving. 
Applied Cognitive Psychology. 1995;9(6):523-538. doi:doi:10.1002/acp.2350090605 

80. Levi B, Portwood S. Reasonable suspicion of child abuse: Finding a common language. Journal of Law 
Medicine & Ethics. Spr 2011;39(1):62-+. doi:10.1111/j.1748-720X.2011.00550.x 

81. Dierkhising C, Ford J, Branson C, Grasso D, Lee R. Developmental timing of polyvictimization: 
Continuity, change, and association with adverse outcomes in adolescence. Child Abuse & Neglect. 
2019;87:40-50. doi:doi:10.1016/j.chiabu.2018.07.022 

82. Lawson J. Domestic violence as child maltreatment: Differential risks and outcomes among cases 
referred to child welfare agencies for domestic violence exposure. Children and Youth Services Review. 
2019;98:32-41. doi:doi:10.1016/j.childyouth.2018.12.017 

83. Levi B, Crowell K. Child abuse experts disagree about the threshold for mandated reporting. Clinical 
pediatrics. 2011;50(4):321-329.  

84. Dinehart L, Kenny M. Knowledge of child abuse and reporting practices among early care and 
education providers. Journal of Research in Childhood Education. 2015;29(4):429-443. 
doi:doi:10.1080/02568543.2015.1073818 

85. Baker R, Camosso-Stefinovic J, Gillies C, et al. Tailored interventions to overcome identified barriers to 
change: Effects on professional practice and health care outcomes. Cochrane Database of Systematic 
Reviews. 2010;3(3):CD005470-CD005470. doi:doi:10.1002/14651858.CD005470.pub2 

86. Grol R. Improving patient care: The implementation of change in health care. 2nd ed. ed. Wiley 
Blackwell; 2013. 

87. Curran G, Bauer M, Mittman B, Pyne J, Stetler C. Effectiveness-implementation hybrid designs: 
Combining elements of clinical effectiveness and implementation research to enhance public health 
impact. Medical Care. 2012;50(3):217-226. doi:  10.1097/MLR.0b013e3182408812 

88. Chambers D, Norton W. The Adaptome: Advancing the Science of Intervention Adaptation. American 
Journal of Preventive Medicine. 2016;51(4):S124-131. doi:10.1016/j.amepre.2016.05.011 



89. Johnson A, Moore J, Chambers D, Rup J, Dinyarian C, Strause S. How do researchers conceptualize 
and plan for the sustainability of their NIH R01 implementation projects? . Implementation Science. 
2019;14(1):50. doi:10.1186/s13012-019-0895-1 

90. Shelton R, Chambers D, Glasgow R. An extension of RE-AIM to enhance sustainability: Addressing 
dynamic context and promoting health equity over time. Frontiers in Public Health. 2020;8:134. 
doi:10.3389/fpubh.2020.00134 

91. Landes S, McBain S, Curran G. Reprint of: An introduction to effectiveness-implementation hybrid 
designs. Psychiatry Research. 2020;283:112630. doi:10.1016/j.psychres.2019.112630 

92. Bailey D, Duncan G, Cunha F, Foorman B, Yeager D. Persistence and fade-out of educational-
intervention effects: Mechanisms and potential solutions. Psychological Science in the Public Interest. 
2020;21(2):55-97. doi:doi.org/10.1177/1529100620915848 

93. Hunt J. Toward a theory of guided learning in development. In: Ojemann R, Pritchett K, eds. Giving 
Emphasis to Guided Learning. Educational Research Council; 1966. 

94. Hunt J. Intelligence and Experience. John Wiley & Sons; 1961. 
95. Landauer T, Bjork R. Optimum rehearsal patterns and name learning. In: Gruneberg M, Morris P, 

Sykes R, eds. Practical aspects of memory. Academic Press; 1978:625-632. 
96. Kerfoot B, DeWolf W, Masser B, Church P, Federman D. Spaced education improves the retention of 

clinical knowledge by medical students: A randomized controlled trial. Medical Education. 2007;41:23-
31.  

97. McDonald P, Thorpe K, Irvine S. Low pay but still we stay: Retention in early childhood education and 
care. Journal of Industrial Relations. 2018;60(5):647-668.  

98. Totenhagen C, Hawkins S, Casper D, Bosch L, Hawkey K, Borden L. Retaining early childhood 
education workers: A review of the empirical literature. Journal of Research in Childhood Education. 
2016;30(4):585-599.  

99. Cassidy D, Lower J, Kintner-Duffy V, Hegde A, Shim J. The day-to-day reality of teacher turnover in 
preschool classrooms: An analysis of classroom context and teacher, director, and parent perspectives. 
Journal of Research in Childhood Education. 2011;25(1):1-23.  

100. Humphreys K, Piersiak H, Panlilio C, et al. Evaluating changes in knowledge and attitudes following 
child abuse mandated reporter training: A randomized controlled trial of iLookOut. Submitted for 
publication.  

101. Ebbinghaus H. Memory: A contribution to experimental psychology. Dover; 1964. 
102. Wang X, Day E, Kowollik V, Schuelke M, Hughes M. Factors influence knowledge and skill decay after 

training: A meta-analysis. In: Jr. AW, E D, Jr. BW, A P, eds. Individual and Team Skill Decay. 
Routledge; 2013. 

103. Canzian S, Nanni J, McFarlan A, et al. Application and evaluation of knowledge retention related to 
advanced trauma care for nurses (ATCN) course content: A preliminary study. Journal of Trauma 
Nursing. 2016;23(4):202-209.  

104. Panlilio C, Famularo L, Masters J, et al. Integrating structural and response process validity evidence to 
revise and improve the iLookOut for Child Abuse knowledge test for early childhood providers: A mixed 
methods analysis. Submitted for publication. 2020; 

105. Bender J, Kennally K, Shields R, Overly F. Does simulation booster impact retention of resuscitation 
procedural skills and teamwork? Journal of Perinatology. 2014;34(9):664-668.  

106. Matterson H, Szyld D, Green B, et al. Neonatal resuscitation experience curves: Simulation based 
mastery learning booster sessions and skill decay patterns among pediatric residents. Journal of 
Perinatal Medicine. 2018;46(8):934-941.  

107. Moazed F, Cohen E, Furiasse N, et al. Retention of critical care skills after simulation-based mastery 
learning. Journal of Graduate Medical Education. 2013;5(3):458-463.  

108. Ericsson K, Kintsch W. Long-term working memory. Psychological Review. 1995;102(2):211.  
109. Tarnowski K, Simonian S. Assessing treatment acceptance: The abbreviated acceptability rating profile. 

Journal of Behavior Therapy and Experimental Psychiatry. 1992;23(2):101-106. 
doi:doi:10.1016/0005-7916(92)90007-6 

110. Bartholomew N, Joe G, Rowan-Szal G, Simpson D. Counselor assessments of training and adoption 
barriers. Journal of Substance Abuse Treatment. 2007;33:193-199.  

111. Proctor E, Silmere H, Raghavan R, et al. Outcomes for implementation research: Conceptual 
distinctions, measurement challenges, and research agenda. Administration and Policy in Mental 
Health and Mental Health Services Research. 2011;38(2):65-76.  



112. Woolcock A, Creepy K, Coleman A, Moore J, Brown S. Assessing academic self-efficacy, knowledge, and 
attitudes in undergraduate physiology students. American Journal of Educational Research. 
2016;4(9):652-657.  

113. Walsh K, Rassafiana M, Mathews B, Farrell A, Butler D. Exploratory factor analysis and psychometric 
evaluation of the Teachers Attitude Scale for Child Sexual Abuse. Journal of Child Sexual Abuse. 
2012;21(5):489-506. doi:doi.org/10.1080/10538712.2012.689423 

114. Lee J, Tice K, Collins D, Brown A, Smith C, Fox J. Assessing Student Teaching Experiences: Teacher 
Candidates' Perceptions of Preparedness. Educational Research Quarterly. 2012;36(2):3-19.  

115. Cheung F, Lucas R. Assessing the validity of single-item life satisfaction measures: Results from three 
large samples. Quality of Life Research. 2014;23(10):2809-2818. doi:10.1007/s11136-014-0726-4 

116. Amaresan S. What is a good Net Promoter Score? https://bloghubspotcom/service/what-is-a-good-
net-promoter-score blog. 2019.  

117. Marsden P, Samson A, Upton N. Advocacy Drives Growth: Customer Advocacy Drives UK Business 
Growth. Brand Strategy. 2005;198:45-47.  

118. Reichheld F. The One Number You Need to Grow. Harvard Business Review. 2003;81(12):46-54.  
119. Grimaldi PJ, Karpicke JD. Guided retrieval practice of educational materials using automated scoring. 

Journal of Educational Psychology. 2014;106(1):58.  
120. Carpenter S, DeLosh E. Application of the testing and spacing effects to name learning. Applied 

Cognitive Psychology. 2005;19(5):619-636.  
121. Clark R, Mayer R. E-learning and the Science of Instruction: Proven Guidelines for Consumers and 

Designers of Multimedia Learning. Jossey-Bass/Pfeiffer; 2011. 
122. Dobson JL. Retrieval practice is an efficient method of enhancing the retention of anatomy and 

physiology information. Advances in physiology education. 2013;37(2):184-191.  
123. Locke EA, Latham GP. Building a practically useful theory of goal setting and task motivation: A 35-

year odyssey. American psychologist. 2002;57(9):705.  
124. Deci E. Intrinsic Motivation. Penum Press; 1975. 
125. Ryan RM, Deci EL. Self-determination theory and the facilitation of intrinsic motivation, social 

development, and well-being. American psychologist. 2000;55(1):68.  
126. Henning S. Merit Badges, Past and Present, and Their Evolution. Accessed Oct. 22, 2020. 

http://www.scouters.us/mb/php 
127. Hamari J. Do badges increase user activity? A field experiment on the effects of gamification. 

Computers in human behavior. 2017;71:469-478.  
128. Abramovich S, Schunn C, Higashi RM. Are badges useful in education?: It depends upon the type of 

badge and expertise of learner. Educational Technology Research and Development. 2013;61(2):217-
232.  

129. Dicheva D, Dichev C, Agre G, Angelova G. Gamification in education: A systematic mapping study. 
Educational Technology & Society. 2015;18(3):1-14.  

130. nQuery. Sample Size and Power Calculation [computer software]. Cork: Ireland: Statsols; 2017.  
131. Snijders T, Bosker R. Multilevel analysis: An introduction to basic and advanced multilevel modeling. 

Sage; 2011. 
132. nlme: Linear and nonlinear mixed effects models. Version R Package version 3.1-141. 2019. 

https://CRAN.R-project.org/package=nlme 
133. Plummer M. JAGS: A Program for Analysis of Bayesian Graphical Models Using Gibbs Sampling. 2003: 
134. Little R, Rubin D. Statistical Analysis with Missing Data. Wiley Interscience; 2002. 
135. Schafer J, Graham J. Missing data: Our view of the state of the art. Psychological Methods. 

2002;7(2):147-177. doi:doi:10.1037/1082-989X.7.2.147 
136. Asendorpf J, Van De Schoot R, Denissen J, Hutteman R. Reducing bias due to systematic attrition in 

longitudinal studies: The benefits of multiple imputation. International Journal of Behavioral 
Development. 2014;38(5):453-460.  

137. Lavori PW, Dawson R, Shera D. A multiple imputation strategy for clinical trials with truncation of 
patient data. Statistics in medicine. 1995;14(17):1913-1925.  

138. Little R, Yau L. Intent-to-treat analysis for longitudinal studies with drop-outs. Biometrics. 1996:1324-
1333.  

139. Demirtas H, Schafer JL. On the performance of random‐coefficient pattern‐mixture models for non‐
ignorable drop‐out. Statistics in medicine. 2003;22(16):2553-2575.  

140. Miller R, Hollist C. Attrition bias. In: Salkind N, ed. Encyclopedia of Measurement and Statistics. Vol. 
1. Thousand Oaks, CA: Sage; 2007. 

http://www.scouters.us/mb/php


 
 


