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This abstract will take the Confusion Matrix which is a well-known metric in the decision-making research 

literature and refocus it for regulatory science within the context of the definition of regulatory compliance and 

licensing measurement.  It will also deal with the policy implications of this particular metric.  In this abstract, it is 

proposed that the Uncertainty-Certainty Matrix (UCM) is a fundamental building block to licensing decision 

making.  The 2 x 2 matrix has been written about in several posts in this blog and is the center piece for 

determining key indicator rules, but it is also a core conceptual framework in licensing measurement and 

ultimately in program monitoring and reviews.   

The reason for selecting this matrix is the nature of licensing data, it is binary or nominal in measurement.  Either a 

rule/regulation is in compliance or out of compliance.  Presently most jurisdictions deal with regulatory compliance 

measurement in this nominal level or binary level.  There is to be no gray area, this is a clear distinction in making a 

licensing decision about regulatory compliance.  The UCM also takes the concept of Inter-Rater Reliability (IRR) a 

step further in introducing an uncertainty dimension that is very important in licensing decision making which is 

not as critical when calculating IRR.  It is moving from an individual metric to a group metric (See Figures 1 & 2) 

involving regulatory compliance with rules. 

The key pieces to the UCM are the following: the decision (D) regarding regulatory compliance and actual state (S) 

of regulatory compliance.  Plus (+) = In-compliance or Minus (-) = Out of compliance.  So, let’s build the matrix: 

Table 1: Uncertainty-Certainty Matrix (UCM) Logic Model 

UCM Matrix Logic  Decision (D) Regarding Regulatory Compliance 

  (+) In Compliance (-) Not In Compliance 

Actual State (S) of (+) In Compliance Agreement Disagreement 

Compliance (-) Not In Compliance Disagreement Agreement 

 

The above UCM matrix demonstrates when agreement and disagreement occur which establishes a level of 

certainty (Agreement Cells) or uncertainty (Disagreement Cells).  In a perfect world, there would only be 

agreements and no disagreements between the decisions made about regulatory compliance and the actual state 

of regulatory compliance.  But from experience, this is not the case based upon reliability testing done in the 

licensing research field in which a decision is made regarding regulatory compliance with a specific rule or 

regulation and then that is verified by a second observer who generally is considered the measurement standard. 

Disagreements raise concerns in general, but the disagreements are of two types: false positives and false 

negatives.  A false positive is when a decision is made that a rule/regulation is out of compliance when it is in 

compliance.  Not a good thing but its twin disagreement is worse where with false negatives it is decided that a 

rule/regulation is in compliance when it is out of compliance.  False negatives need to be avoided because they 



place clients at extreme risk, more so than a false positive.  False positives should also be avoided but it is more 

important to deal with the false negatives first before addressing the false positives. 

Let’s look at this from a mathematical point of view in the following matrix.  In order to better understand the 

above relationships and determine when ameliorative action needs to occur to shore up the differences between 

the agreements and disagreements, it is easier to do this mathematically than trying to eyeball it. 

Table 2: Uncertainty-Certainty Matrix (UCM) Math Model 

UCM Matrix Math 
Model 

 Decision (D) Regarding Regulatory Compliance Totals 

  (+) In Compliance (-) Not In Compliance  

Actual State (S)  (+) In Compliance A B Y 

Of Compliance (-) Not In Compliance C D Z 

Totals  W X  

 

Formulae based upon above: Agreements = (A)(D); Disagreements = (B)(C); Randomness = sqrt ((W)(X)(Y)(Z)) 

UCM Coefficient = ((A)(D)) - ((B)(C)) / sqrt ((W)(X)(Y)(Z)) in which a coefficient closer to 1 indicates agreement 

(certainty) and a coefficient closer to –1 indicates disagreement (uncertainty).  A coefficient closer to 0 indicates 

randomness.  Obviously, we want to see (A)(D) being predominant and very little in (B)(C) which are false positives 

and negatives where decisions and the actual state of regulatory compliance are not matching.  If (WXYZ) is 

predominant then there is just randomness in the data.  Also, not an intended result.   

The reason for even suggesting this matrix is the high level of dissatisfaction with the levels of reliability in the 

results of program monitoring reviews as suggested earlier.  If it were not so high, it would not be an issue; but 

with it being so high the field of licensing needs to take a proactive role in determining the best possible way to 

deal with increasing inter-rater reliability among licensing inspectors.  Hopefully, this organizational schema via the 

UCM Matrix will help to think through this process related to licensing measurement and monitoring systems.    

UCM  =  ≪  A × D ≫  -  ≪  B × C ≫  ÷ √ ≪  W × X × Y × Z ≫   

The above formula provides a means to calculate when action needs to be taken based upon the 

respective UCM coefficients.  A UCM coefficient from +.25 to +1.00 is in the acceptable range; +.24 to -

.24 is due to randomness and needs to be addressed with additional inter-rater reliability training; -.25 

to –1.00 indicates a severe disagreement problem that needs to be addressed both in reliability training 

and a full review of the targeted rules/regulations to determine if the specific rule needs additional 

clarification. 

Table 3: Uncertainty-Certainty Matrix (UCM) Licensing Decision Coefficient Ranges 

UCM Coefficient Licensing Decision 

+.25 to +1.00 Acceptable, No Action Needed, In or Out of Regulatory Compliance Verified 
through mostly Agreements. (Generally, 90% of cases) 

+.24 to -.24 Random, Agreements + Disagreements, Needs Reliability Training. (Generally, 
5% of cases) 

-.25 to –1.00 Unacceptable, Mostly Disagreements, Needs Training & Rule/Regulation 
Revision.  (Generally, 5% of cases) 

 



 

Figure 1: Kappa Coefficient 

 

 

Figure 2: Uncertainty-Certainty Coefficient 

 

 

Let’s provide an example of how this could work.  A standard/rule/regulation that is common is the 

following:   

Do all caregivers/teachers and children wash their hands often, especially before eating and after using 

the bathroom or changing diapers? 

This is obviously an observation item where the licensing staff would observe in a sample of classrooms 

in a child care center for a set period of time.  During their observations, there were several 

opportunities where the necessary behavior was required, and the staff complied with the rule and 

washed their hands.  So, on the surface this specific rule was in compliance and there would appear to 

be full compliance with this rule based upon the observation.   

A second scenario is where the observation is made, and the licensing staff observes the child care staff 

not washing their hands on several occasions.  Then this specific rule would be out of compliance, and it 

would be duly noted by the licensing staff.   These two scenarios establish a certain level of certainty 

during this observation session.  However, there are other outcomes, for example, possibly one of the 

classrooms that was not observed had the opposite finding than what was observed in these particular 

classrooms.  If data were being aggregated and a specific percentage was to be used the final decision 

about this rule could be different.  Now we are getting into the uncertainty cells of the matrix where a 

false positive or negative could be the result.  The licensing staff records the rule as being in compliance 

when in reality it is not = false negative or the rule is recorded as being out of compliance when in reality 

it is in compliance = false positive. 

Another example which involves either Random Clinical Trials (RCT) or the use of abbreviated 

inspections (AI) and the results from these two interventions.  The decision making in both RCT and AI is 



basically the same.  We want to make sure that the results match reality.  Every time an abbreviated 

review is done the following four regulatory compliance results should occur based upon the UCM 

matrix: 1) no additional random non-compliance is found; 2) there are no false negatives (abbreviated 

review finds no non-compliance but in reality there is); 3) when there is non-compliance found in 

abbreviated inspections, other related non-compliance is found; and 4) lastly the level of false positives 

(abbreviated review finds non-compliance but in reality there are no other related non-compliances) is 

kept to a minimum.  This last result based upon copious research is that it is difficult to obtain but as the 

regulatory science moves forward hopefully this will become more manageable. 

Hopefully these above examples provided some context for how the Uncertainty-Certainty Matrix 

(UCM) can be used in making specific licensing decisions based upon the regulatory compliance results.  
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