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This research abstract will provide an overview to the Psychology of Regulatory Compliance which 

is an applied behavioral–regulatory framework that explains why regulated entities comply with—

or deviate from—rules, and how regulatory systems can be designed to stabilize compliant 

behavior while minimizing risk to clients. In human care licensing (e.g., child care, residential care, 

health and human services), compliance is not simply a legal or administrative phenomenon; it is 

deeply shaped by cognitive bias, risk perception, certainty preferences, and decision-making 

under threat. 

The psychology of regulatory compliance integrates: 

• Behavioral economics (Prospect Theory)(Kahneman & Tversky, 1984) to explain provider 

and inspector behavior, 

• Measurement science (contingency tables / 2×2 matrices)(Fiene, 2025b) to diagnose 

error and bias, 

• Regulatory science to translate psychological principles into licensing policy and monitoring 

systems (Fiene, 2025a).  

 

Psychological Foundations: Prospect Theory and Compliance Behavior 

Loss Aversion as a Compliance Driver 

Kahneman & Tversky’s Prospect Theory (1984) demonstrates that individuals experience losses 

roughly twice as powerfully as gains. Within human care licensing, this explains why: 

• Providers are strongly motivated to protect an existing license or status, 

• Threats of revocation, fines, or public citation provoke disproportionate psychological 

responses. 

In compliance contexts, a citation is perceived not as neutral feedback, but as a loss state, triggering 

defensive behavior, appeals, or risk-taking to avoid further loss. This insight helps regulators 



understand why overly punitive or zero-tolerance systems often destabilize rather than improve 

compliance.  

 

The Certainty Effect and Regulatory Stability 

Another central insight of Prospect Theory (Kahneman & Tversky, 1984) is the certainty effect: 

people strongly prefer predictable, guaranteed outcomes over probabilistic ones—even when the 

probabilistic option is objectively better. 

In licensing: 

• Providers value predictable inspections, clear rules, and stable outcomes, 

• Uncertainty (random inspections, inconsistent citations) increases anxiety and volatility, 

• Stable, high-certainty systems encourage risk-averse, compliant behavior. 

The Psychology of Regulatory Compliance reframes certainty as a regulatory resource, not merely 

an outcome. Systems that reward stable compliance with reduced monitoring leverage this cognitive 

preference to promote sustained safety.  

 

Measurement and Decision Science: The Uncertainty–Certainty Matrix 

Addressing the Licensing Measurement Problem 

Human care licensing relies on binary data (a rule is either in or out of compliance). Historically, this 

created a measurement problem: decisions appeared objective, but reliability across inspectors was 

often low. 

The Uncertainty–Certainty Matrix (UCM)(Fiene, 2025b, 2026) adapts the statistical contingency 

table into a regulatory measurement framework that compares: 

• The decision made by the inspector, and 

• The actual state of compliance. 

The matrix yields four outcomes: 

• True Positives (correct compliance), 

• True Negatives (correct noncompliance), 

• False Positives (over-citation), 

• False Negatives (missed violations). 



False negatives are prioritized as the most dangerous outcome, because they allow unsafe conditions 

to persist undetected (Fiene, 2026).  

 

Detecting Bias and Improving Reliability 

A major contribution of the Psychology of Regulatory Compliance is its explicit recognition of 

assessor bias: 

• Positive bias (overly lenient) produces false negatives, 

• Negative bias (overly strict) produces false positives. 

The UCM does not treat errors as random noise but as patterns that can be visualized and 

corrected (see the associated slide deck that supports this abstract and the additional readings 

listed at the end of this abstract which contains the details of the theory (Fiene, 2025a,b; 

2026)). Horizontal or vertical clustering in matrix results signals systematic bias, providing 

administrators with a practical diagnostic tool for: 

• Training inspectors, 

• Improving inter-rater reliability, 

• Correcting agency-wide drift in enforcement behavior.  

 

Integrated Regulatory Framework: Translating Psychology into Policy 

From Theory to Operational Design 

The Integrated Regulatory Framework (IRF)(Fiene, 2026) synthesizes psychological theory, 

measurement science, and regulatory practice into a unified licensing model. It integrates: 

• Predictive rules (Key Indicators), 

• Risk-weighted rules, 

• Aversion and certainty dynamics from Prospect Theory, 

• Explicit controls for false positives, false negatives, and assessor bias. 

The IRF logic model prioritizes medium-risk predictor rules that are statistically associated with 

overall compliance and safety outcomes, rather than attempting exhaustive enforcement of all rules 

equally.  

 



The Algorithmic Contribution 

The IRF Model (Fiene, 2026) introduces a formal algorithm using: 

• The Fiene Coefficient to validate predictive rules, 

• A zero-tolerance standard for false negatives, 

• Weighted penalties for false positives to avoid over-regulation. 

IRF = (FC = .75+) + (F- = 0) + (F+ = wgt1 x 3) 

• Where:  IRF = Integrated Regulatory Framework; FC = Fiene Coefficient of .75 or above by using the 

following formula:  FC = (true+)(true-) – (false+)(false-)/sqrt of true and false sums = statistical 

predictor rules; F- = no occurrences of false negatives; F+ = rules that are weighted 1 x 3 violations 

in order to mitigate the effect of false positives; this result also keeps the overall score within a 

substantial regulatory compliance level. 

This is a major advance for the field: licensing decisions are no longer based solely on judgment or 

rule counts, but on calibrated decision thresholds designed to minimize psychological and 

statistical error.  

 

Contributions to Human Care Licensing Practice 

Safer Client Outcomes 

By prioritizing the elimination of false negatives, the Psychology of Regulatory Compliance directly 

strengthens client protection. Rules that pose morbidity or mortality risks receive heightened 

attention, aligning regulatory focus with actual harm potential rather than bureaucratic 

completeness.  

 

More Efficient Use of Regulatory Resources 

The framework justifies differential monitoring (Fiene, 2025a), allowing high-certainty, low-risk 

providers to receive reduced inspection burden. This: 

• Frees regulatory resources, 

• Reduces unnecessary adversarial interactions, 

• Reinforces stable compliance behavior through positive certainty signals.  

 



Increased Fairness and Legitimacy 

By explicitly addressing bias, uncertainty, and over-citation, the Psychology of Regulatory 

Compliance improves procedural fairness. Providers are more likely to view the system as legitimate 

when: 

• Decisions are predictable, 

• Errors are acknowledged and corrected, 

• Compliance expectations are framed as achievable rather than punitive. 

Legitimacy, in turn, strengthens voluntary compliance—an outcome strongly supported by both 

behavioral science and regulatory research.  

 

Limitations and Future Directions 

While conceptually robust, the Psychology of Regulatory Compliance acknowledges its current 

limitations: 

• Many components remain theoretically validated but not yet fully field-tested across all 

human service domains, 

• Broader application beyond early care, education, and selected human services requires 

additional empirical studies, 

• Implementation demands investment in data systems, training, and organizational change. 

Nonetheless, the framework provides a coherent, scientifically grounded blueprint for advancing 

licensing from rule enforcement toward evidence-based governance.  

 

Conclusion 

The Psychology of Regulatory Compliance represents a paradigm shift in human care licensing 

(Fiene, 2025). By uniting psychological insight with measurement rigor and regulatory design, it: 

• Explains why compliance behavior emerges, 

• Diagnoses where licensing systems fail, 

• Offers practical tools to improve safety, fairness, and efficiency. 

Its greatest contribution lies in redefining compliance not as rule perfection, but as the 

management of certainty, risk, and human decision-making in high-stakes care 

environments—a necessary evolution for modern regulatory science. 
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